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using both convolutions and transformers
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Learning procedure
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Results & perspectives

Method Notes mFscore mloU mPrecision mRecall
VAN+UperNet WSI & ensemble  70.2 56.5 67.2 74.4
DPT+MaxViT WSI & ensemble  69.8 55.8 68.6 P17

HardNet+Lawin ensemble 66.7 52.8 63.0 72.4
Segmenter-L 65.2 51.3 63.7 67.5
Segformer-B1 65.1 50.7 61.2 70.6
PathVTA 64.2 50.2 63.3 65.7
SwinTransformer [11]] baseline 62.9 - 60.9 69.6

Best downsized method of this challenge

« Annotation inconsistency in downsized version? «  Perspectives:
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